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Abstract

This study aims to describe the mechanism by which perceived reputation influences customers'
behavioral intentions related to mobile banking adoption. The study consisted of 385 samples analyzed
using a Structural Equation Model (SEM). The results indicate thatPerceived reputation has a positive
and significant relationship with trust, perceived ease of use, and behavioral intention. However, it has
a positive but insignificant relationship with perceived risk and perceived benefit. Furthermore, trust
has a positive and significant relationship with perceived benefit, perceived ease of use, and behavioral
intention. However, it has a negative and significant relationship with perceived risk. Furthermore,
perceived risk has a positive but insignificant relationship with perceived benefit and perceived ease of
use. However, it has a negative and insignificant relationship with behavioral intention. Furthermore,
perceived ease of use has a positive and significant relationship with perceived benefit and behavioral
intention.Finally, perceived benefits have a positive and significant relationship with behavioral
intentions.
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INTRODUCTION

The number of internet users in Indonesia continues to grow year after year. As of January 2023,
the number of internet users in Indonesia reached 212.9 million. This means that 77% of Indonesians are
internet users. The average time spent using the internet each day is 7 hours and 42 minutes
(Datalndonesia, 2023).The development of information technology and the increasing use of the internet
in Indonesia have created new opportunities for banks to provide banking services accessible via
smartphones, namely mobile banking (Haryanto & Giri, 2021). Mobile banking is a service facility
provided by banks to provide easy access to information and conduct financial transactions in real time
(Iriani, 2018). The presence of mobile banking makes banking activities easier and faster. Furthermore,
customers no longer need to go to the bank and register in line. However, the growth of mobile banking
transactions in Indonesia has not been as strong as in other countries. The number of transactions per
1,000 people in Indonesia is lower than in Malaysia and Thailand and is almost overtaken by Vietnam.
(Databoks, 2021). The slow growth of mobile banking transactions in Indonesia is due to the number of
transactions using mobile banking which is still low. This means that not all bank customers use mobile
banking. The number of mobile banking users in January 2023 was only 29.1% of the total population in
Indonesia (Datareportal, 2023).The presence of mobile banking evokes different responses in each
individual, characterized by acceptance or rejection of the technology. According to the Technology
Acceptance Model (TAM), two factors can influence behavior in technology adoption: perceived
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usefulness and perceived ease of use.perceived ease of usePerceived usefulness in mobile banking usage
is characterized by a person's belief in the benefits they will gain from using mobile banking compared to
using other methods (Wulandari et al., 2022). Research conducted by Suseno et al. (2021) revealed that
perceived usefulness has a significant effect on behavioral intention. However, this is inconsistent with
research by Sinaga et al. (2021), which revealed that perceived usefulness has no significant effect on
behavioral intention. Meanwhile, perceived ease of use in mobile banking is characterized by a person's
belief that using mobile banking will be free from effort. This means that if someone believes that mobile
banking is easy to use, they will use mobile banking (Wongso & Ramadania, 2021). Research conducted
by Suseno et al. (2021) revealed that perceived ease of use has a significant effect on behavioral intention.
However, this contradicts research by Sinurat & Sugiyanto (2022), which revealed that perceived ease of
use has no significant effect on behavioral intention. Furthermore, company reputation plays a significant
role in the adoption of mobile banking (Nguyen et al., 2021). Research conducted by Nguyen et al. (2021)
revealed that perceived reputation significantly influences behavioral intention.On the other hand,
reputation is an important factor influencing initial trust, because it can reduce the level of uncertainty
and risk (Li et al. in Sleiman et al., 2021).Research conducted by Nguyen et al. (2021) revealed that
perceived reputation significantly influences trust and perceived risk.

Based on this phenomenon, thenThe aim of this study is to describe the mechanism of reputation
perception in influencing customer behavioral intentions related to mobile banking adoption.

LITERATURE REVIEW

Mobile Banking

Mobile Bankingis an innovative financial service delivered through smartphone applications and software
that enables interactive banking services on the go (Ho et al., 2020). Mobile banking can be described as
a means for customers to engage with banks and conduct various banking transactions using mobile
devices, particularly mobile phones, at lower costs both physically and financially, with the added
convenience of being able to do so anytime and anywhere (Mostafa, 2020).

Technology Acceptance Model(TAM)

Technology Acceptance Model(TAM) was developed by Davis in 1989 and is an adoption of the Theory
of Reasoned Action (TRA) developed by Ajzen & Fisben in 1975 (Mostafa, 2020). TRA is a behavioral
theory model based on the assumption that a person's behavior can be predicted through their beliefs and
intentions to perform certain actions. This model emphasizes the cognitive process and rational aspects
of humans in determining behavior (Mustikasari & Widaningsih, 2022).

TRA was then developed and modified into TAM to explain the attitudes of people who use
technology based on several aspects such as attitude, intention, and user behavior relationship with the
addition of two important constructs to the TRA concept (Mustikasari & Widaningsih, 2022). TAM is a
model used to explain why users accept or reject a technology. This model focuses on the factors that
influence individual attitudes towards the use of technology and how these attitudes influence individual
intentions to use it (Novindra & Rasmini in Setyawati, 2020). According to Sleiman et al. (2021) there
are two main factors that drive the use of information systems, namely: perceived usefulness and
perceived ease of use.

Perceived Usefulness

Perceived UsefulnessPerceived usefulness is the level of individual belief that using a particular system
will improve their performance (Davis et al. in Sleiman et al., 2021). Meanwhile, according to Sandy
(2020), perceived usefulness is the trust placed in a system to increase effectiveness or reduce the effort
required to complete a task. Furthermore, according to Widiar et al. (2023), perceived usefulnessin the
use of mobile banking is defined as the use of mobile banking applications for banking transactions which
are useful in improving individual performance.According to Davis in Kumala et al. (2020) there are five
aspects used in perceived usefulness, namely:
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a. Work more quickly, namely when someone can use technology to do their work faster which
ultimately makes someone feel that the technology used is useful, conversely if someone uses
technology but cannot help to do their work faster, this results in a decrease in trust in the
technology.

b. Useful, namely when someone feels that technology is useful to help with work, then trust in
technology will increase, conversely if someone feels that technology is not useful to help with
work, then trust in technology will decrease.

c. Effectiveness, namely when someone feels that technology helps make work more effective, then
the technology is considered useful, conversely if someone feels that technology does not help
make work more effective, then it will give rise to distrust of technology.

d. FEasier, that is, when someone feels that technology helps make the work they do easier, then the
technology is considered useful, conversely, if someone feels that technology does not make the
work they do easier, then the technology is considered useless.

e. Performance, namely when someone feels that their work performance has improved with the
help of technology, then the technology is considered useful, conversely if someone feels that
their work performance has not improved with the help of technology, then the technology is
considered useless.

Perceived Ease of Use

Perceived Ease of Uselt is the level of individual confidence that using a particular system will be easy
and effortless (Davis et al. in Sleiman et al., 2021). Meanwhile, according to Widiar et al. (2023),perceived
ease of usein mobile banking applications, it is defined as how capable a person is of using the mobile
banking application without any obstacles.

Perceived Reputation

Corporate reputation is the public's view of a company, where the view can be either positive or negative
(Keni et al., 2021). Consumers have a higher tendency to use brands from companies with good
reputations compared to companies with bad reputations (Keni et al., 2021). Perceived reputation can be
referred to as something that is believed about a person, organization, or physical object (Habib et al. in
Quoquab et al., 2019). Reputation is an important factor influencing initial trust, because it can reduce the
level of uncertainty and risk associated with online problems (L1 et al. in Sleiman et al., 2021).

Trust

Trustdescribed as the service provider's obligation and ability to meet customer expectations (Sleiman et
al., 2021).According to Mayer et al. in Namahoot (2020), there are three elements of trust that impact
business, namely:

1. Competence, relating to the skill, knowledge or ability of the service provider in persuading
others.

2. Benevolence, relating to the willingness to do something good in return for another person's trust.

3. Integrity, related to identifying the assertiveness of sincerity and transparency.

Perceived Risk

Perceived riskis the consumer's perception of uncertainty and possible negative consequences for
purchasing a product or service (Rewah et al, 2022). According to HampshireIn Namahoot (2020) there
are several forms of risk in the context of a cashless payment system, namely. Financial risk, refers to the
possibility of losing money during a financial transaction. Psychological risk, refers to customer
awareness of the system's capabilities or inadequacies. Performance risk, refers to the robustness of
intelligence and the quality of the system that can carry out accurate financial activities. Privacy risk,
referring to failures that may occur due to fraud and hacking that could potentially compromise the
security of cashless payment systems. Time risk, refers to the loss of time and inconvenience caused by
delays in collecting payments.
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Behavioral Intention

Behavioral intentionBehavioral intention is a person's desire or determination to perform a particular
action (Setyawati, 2020). This means that the stronger a person's intention to perform an action, the more
likely they are to perform it. Meanwhile, according to Sleiman et al. (2021), behavioral intention is a
person's intelligence or awareness in using a particular technology.

Framework

A conceptual framework is a model or illustration that explains the relationship between one
variable and another (Hardani et al., 2020:321). In this study, the framework is adopted from the research
of Nguyen et al. (2021). The author's reason for using the framework from Nguyen et al. (2021) is because
it is the most recent work, based on three studies (namely Kim et al., 2009; Oliveira et al., 2014; Zhou,
2012a) that discuss the influence of reputation in the mobile banking environment. Kim et al.'s (2009)
study found no relationship between reputation and trust, as well as reputation and intention. However,
Zhou (2012a) and Oliveira et al. (2014) found a relationship between reputation and trust, although not
between reputation and intention. These results indicate that the influence of reputation on these variables
in mobile banking is inconclusive. Furthermore, corporate reputation appears to have been largely
unexplored in relation to other variables, such as perceived risk, perceived ease of use, and perceived
usefulness. However, Nguyen et al.'s (2021) study reviewed the literature on reputation and its
consequences in mobile banking, focusing on non-financial consequences, including trust, perceived risk,
perceived usefulness, perceived ease of use, and behavioral intention.

H2H

Figure 2.1 Framework of Thought
Source: Nguyen et al. (2021)

23 Research Hypothesis

A hypothesis is a temporary answer to a research problem, expressed in the form of a question
(Hardani et al., 2020:329). Hypotheses are often considered temporary research findings because the
answers provided are based solely on relevant theory and not on empirical facts obtained through data
collection.
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METHOD

The method used in this study is a quantitative method with a causal investigation type. Data
collection was carried out using a survey method through the distribution of questionnaires using Google
Form.Measurement of each variable using a 5-point Likert scale.The sample determination used a non-
probability sampling technique, a purposive sampling type, with a total of 385 respondents. The data
analysis technique usedStructural Equation Model (SEM) with Smart-PLS 3.2.9. The data sources in this
study consist of primary data derived from the results of questionnaire distribution and secondary data
derived from previous journals, books, and articles related to this study.

RESULTS
Respondent Characteristics

Table 1 Respondent Description

Category Subcategory Number of Percentage
Respondents (%)
Gender Man 214 55.6%
Woman 171 44.4%
Age 17-25 years 128 33.2%
26-35 years 100 26.0%
Other 157 40.8%
Last education Eé%?vif;%oI/Vocatlonal High School or 180 46.8%
Diploma 139 36.1%
Bachelor 47 12.2%
Postgraduate 19 4.9%
Work Government employees 112 29.1%
Private employees 107 27.8%
Student 81 21.0%
Housewife 47 12.2%
Businessman 38 9.9%
g"e?\?i'(':eefa“k'”g BNI Mobile Banking 138 35.8%
BRImo 101 26.2%
BCA Mobile 92 23.9%
Living by Mandiri 54 14.0%

Based on Table 1, this study involved 385 respondents who were users of mobile banking services. Based
on demographic data and usage characteristics, the majority of respondents were male (214 people)
(55.6%), while female (171 people) (44.4%). This summary illustrates that the majority of mobile banking
users in this study were young men aged 17-25 years, with secondary education (high school/vocational
school), working as civil servants, having an income above IDR 10 million, and using BNI Mobile
Banking the most. These findings provide an overview of the dominant demographic profile and can be
used as a reference in further user behavior analysis.

1. Convergent Validity
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In this study, convergent validity was measured based on the loading factor and Average Variance
Extracted (AVE) values. The following are the results of the loading factor and AVE calculations:

Table 2. Convergent Validity Test Results

Construct Indicator Loading Factor AVE

INTI 0.908

. . INT2 0.938
Behavioral Intention INT3 0.849 0.824

INT4 0.933

PEOU1 0.882

. PEOU2 0.823
Perceived Ease of Use PEOU3 0.809 0.718

PEOU4 0.874

PREI 0.743

. . PRE2 0.892
Perceived Reputation PRE3 0918 0.734

PRE4 0.863

PRI1 0.816

. . PRI2 0.854
Perceived Risk PRI3 0.802 0.640

PRI4 0.722

PU1 0.711

. PU2 0.853
Perceived Usefulness PU3 0.899 0.700

PU4 0.871

TMBI1 0.794

TMB2 0.827
Trust TMB3 0.835 0.692

TMB4 0.872

TMB5 0.828

Source: Data processed by researchers (2023)

Table 2 shows that the loading factor value is >0.7 for each indicator and the AVE value is >0.5

for each latent variable. Therefore, this indicates that the model meets the convergent validity criteria.

Table 3 Cross Loading Test Results

Behavioral

Perceived Ease

Perceived

Perceived

Perceived

Intention of Use Reputation Risk Usefulness Trust
INT1 0.908 0.709 0.481 -0.119 0.677 0.509
INT2 0.938 0.750 0.491 -0.109 0.687 0.534
INT3 0.849 0.639 0.475 -0.170 0.570 0.547
INT4 0.933 0.732 0.519 -0.100 0.638 0.552
PEOU1 0.676 0.882 0.464 -0.082 0.745 0.465
PEOU2 0.624 0.823 0.402 -0.057 0.653 0.470
PEOU3 0.632 0.809 0.425 -0.107 0.561 0.447
PEOU4 0.712 0.874 0.461 -0.051 0.710 0.463
PRE1 0.401 0.363 0.743 -0.026 0.341 0.340
PRE2 0.432 0.437 0.892 -0.068 0.430 0.513
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PRE3
PRE4
PRI1
PRI2
PRI3
PRI4
PU1
PU2
PU3
PU4
TMB1
TMB2
TMB3
TMB4
TMBS

0.504
0.507
-0.180
-0.095
-0.074
-0.009
0.477
0.570
0.616
0.690
0.455
0.499
0.448
0.494
0.547

0.478
0.481
-0.129
-0.037
-0.052
-0.004
0.567
0.654
0.703
0.710
0.483
0.465
0.431
0.439
0.439

0.918 -0.082 0.430
0.863 -0.079 0.434
-0.141 0.816 -0.149
-0.028 0.854 0.013
-0.043 0.802 -0.029
0.054 0.722 0.020
0.306 -0.053 0.711
0.381 -0.023 0.853
0.410 -0.046 0.899
0.488 -0.102 0.871
0.552 -0.176 0.450
0.530 -0.238 0.416
0.433 -0.182 0.389
0.477 -0.238 0.454
0.496 -0.259 0.452

0.557
0.608
-0.263
-0.222
-0.192
-0.096
0.333
0.392
0.490
0.506
0.794
0.827
0.835
0.872
0.828

Source: Data processed by researchers (2023)

Based on Table 3, the cross-loading value of the construct indicator has a higher correlation value
with its construct compared to the correlation value with other constructs. Therefore, this indicates that
the construct meets the discriminant validity criteria. Another verification for the discriminant validity
criteria is the Fornell-Larcker Criterion test. The following are the results of the Fornell-Larcker Criterion

test:
Table 4. Fornell-Larcker Criterion Test Results
Behavioral Perceived Perceived Perceived Perceived Trust
Intention Ease of Use  Reputation Risk Usefulness
Behavioral
Intention 0.508
Perceived
Ease of Use 0.781 0.848
Perceived ——, 4» 0.518 0.857
Reputation
Perceived 136 -0.086 20077 0.800
Risk
Perceived
0.710 0.791 0.480 -0.069 0.837
Usefulness
Trust 0.589 0.544 0.601 -0.264 0.521 0.832

Source: Data processed by researchers (2023)

Based on Table 4, each construct has a higher correlation value with its own construct compared to
its correlation value with other constructs. Therefore, this indicates that the construct meets the criteria

for discriminant validity.
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Table 5. Reliability Test Results

Variables Cronbatch's alpha Composite reliability
Behavioral Intention 0.928 0.949
Perceived Ease of Use 0.869 0911
Perceived Reputation 0.878 0.916
Perceived Risk 0.824 0.876
Perceived Usefulness 0.855 0.902
Trust 0.888 0.918

Source: Data processed by researchers (2023)

Table 5 shows that each construct has a Cronbatch alpha value > 0.7 and a composite reliability value
> 0.7. This indicates that the variable has good reliability.

Table 6. R2 Test Results

R Square Information
Behavioral Intention 0.668 Strong
Perceived Ease of Use 0.354 Moderate
Perceived Risk 0.080 Weak
Perceived Usefulness 0.639 Moderate
Trust 0.361 Moderate

Source: Data processed by researchers (2023)

Based on table 6, the behavioral intention variable has a value of 0.664, which means that
simultaneously the variables perceived reputation, trust, perceived risk, perceived usefulness, and
perceived ease of use can influence behavioral intention by 66.8% and the other 33.2% is influenced by
other variables. Furthermore, the variable perceived ease of use has a value of 0.354, which means that
simultaneously the variables perceived reputation, trust, and perceived risk can influence perceived ease
of use by 35.4% and the other 64.6% is influenced by other variables. Then the variable perceived risk
has a value of 0.080, which means that simultaneously the variables perceived reputation and trust can
influence perceived trust by 8% and the other 92% is influenced by other variables. In addition, the
variable perceived usefulness has a value of 0.639, which means that simultaneously the variables
perceived reputation, trust, perceived risk, and perceived ease of use can influence perceived usefulness
by 63.9% and the other 36.1% is influenced by other variables. And finally, the trust variable has a value
of 0.361, which means that simultaneously the perceived reputation variable can influence trust by 36.1%
and the other 63.9% is influenced by other variables.

Table 7. Q2 Test Results

SSO SSE Q? (=1-SSE/SSO)
Behavioral Intention 1540,000 699,768 0.546
Perceived Ease of Use 1540,000 1159,835 0.247
Perceived Reputation 1540,000 1540,000 -
Perceived Risk 1540,000 1471,477 0.044
Perceived Usefulness 1540,000 867,333 0.437
Trust 1925,000 1460,918 0.241

Source: Data processed by researchers (2023)
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Table 7 shows that the behavioral intention variable has a value of 0.546, the perceived ease of
use variable has a value of 0.247, the perceived risk variable has a value of 0.044, the perceived usefulness
variable has a value of 0.437, and the trust variable has a value of 0.241. Based on these results, the value
of Q2 > 0. Therefore, this indicates that the model has predictive relevance.

Table 8. f2 Test Results

Path Diagram Effect Size Information
Perceived Reputation -> Trust 0.565 Big
Perceived Reputation -> Perceived Risk 0.011 Small
Perceived Reputation -> Perceived Ease of Use 0.084 Small
Perceived Reputation -> Perceived Usefulness 0.004 Small
Perceived Reputation -> Behavioral Intention 0.018 Small
Trust -> Perceived Risk 0.081 Small
Trust -> Perceived Usefulness 0.020 Small
Trust -> Perceived Ease of Use 0.130 Small
Trust -> Behavioral Intention 0.036 Small
Perceived Risk -> Perceived Usefulness 0.002 Small
Perceived Risk -> Perceived Ease of Use 0.002 Small
Perceived Risk -> Behavioral Intention 0.003 Small
Perceived Ease of Use -> Perceived Usefulness 0.892 Big
Perceived Ease of Use -> Behavioral Intention 0.249 Intermediate
Perceived Usefulness -> Behavioral Intention 0.039 Small

Source: Data processed by researchers (2023)

In table 8, it can be seen that there are 11 relationships that have a small relationship, namely
perceived reputation to perceived risk, perceived reputation to perceived ease of use, perceived reputation
to perceived usefulness, perceived reputation to behavioral intention, trust to perceived risk, trust to
perceived usefulness, trust to perceived ease of use, trust to behavioral intention, perceived risk to
perceived

usefulness, perceived risk to perceived ease of use, perceived risk to behavioral intention, and perceived
usefulness to behavioral intention. In addition, there is 1 relationship that has a medium relationship,
namely perceived ease of use to behavioral intention. In addition, there are 2 relationships that have a
large relationship, namely perceived reputation to trust and perceived ease of use to perceived usefulness.

Table 9. Model Fit Test

Saturated Model Estimated Model
SRMR 0.059 0.059
NFI 0.850 0.850
RMS theta 0.146 0.146

Source: Data processed by researchers (2023)

In Table 9, the SRMR value is 0.059, indicating a good model fit because the SRMR value is <0.08.
Furthermore, the NFI value is 0.850, indicating a marginal fit because the NFI is <0.90. Finally, the
RMS _theta value is 0.146, indicating a good model fit because it is close to 0.
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Table 10. Hypothesis Testing Results

. . Path T Statistics P .
Hypothesis Path Diagram Coefficient ((O/STDEV]) Values Information
Hia  Perceived Reputation -> 0.601 9,528 0,000  Accepted
Trust
Perceived Reputation -> .
Hl1b Perceived Risk 0.127 1,956 0.051 Rejected
Perceived Reputation ->
H2a Perceived Ease of Use 0.294 3,629 0,000 Accepted
fop  Derceived Reputation -> 0.047 1,236 0217  Rejected
Perceived Usefulness
Perceived Reputation ->
H2c Behavioral Intention 0.101 2,314 0.021 Accepted
H3a Trust -> Perceived Risk -0.341 5,696 0,000 Accepted
p3p ~ Lrust->Perceived 0.116 2,353 0019  Accepted
Usefulness
H3c  Lrust->Perceived Fase 0.377 5,294 0,000  Accepted
of Use
H3d ~ Lrust->Behavioral 0.153 3,276 0.001  Accepted
Intention

Perceived Risk > .
H4a Perceived Usefulness 0.027 0.872 0.384 Rejected

Perceived Risk -> )
H4b Perceived Ease of Use 0.036 0.969 0.333 Rejected

Perceived Risk > .
H4c Behavioral Intention -0.032 1,181 0.238 Rejected

Perceived Ease of Use ->
HS5a Perceived Usefulness 0.706 18,361 0,000 Accepted

Hsp  Lerceived Ease of Use - 0.492 6,696 0,000  Accepted
Behavioral Intention

gse  Perceived Usefulness -> 0.190 2,752 0.006  Accepted
Behavioral Intention

Source: Data processed by researchers (2023)

The results of the hypothesis testing in Table 8 show how each variable in the model influences each
other, both directly and indirectly, on Behavioral Intention. In general, there are 18 hypotheses tested with
details of 12 accepted and 6 rejected, as explained below:

THE INFLUENCE OF PERCEIVED REPUTATION

Hla: Perceived Reputation —  Trust (Accepted, B = 0.601; p < 0.001)
These results indicate that perceived reputation has a significant and strong influence on trust. The better
the reputation of a platform or system, the greater the trust placed in it by users. This aligns with the theory
that reputation is a crucial element in building trust in the digital environment.

Hlb: Perceived Reputation — Perceived Risk (Rejected, B = 0.127; p = 0.051)
Although the coefficient is quite large, this relationship is not statistically significant (p > 0.05). This
means that perceptions of reputation are not strong enough to directly reduce perceived risk. Users may
need other factors, such as direct experience or third-party testimonials, to perceive reduced risk.

H2a: Perceived Reputation — Perceived Ease of Use (Accepted, B = 0.294; p < 0.001)
This relationship suggests that reputation also positively influences perceived ease of use. This means that
systems with a good reputation tend to be perceived as easy to use, even if users haven't actually used
them.
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H2b: Perceived Reputation — Perceived Usefulness (Rejected, p = 0.047; p = 0.217)
The effect of reputation on perceived usability was insignificant. This indicates that reputation does not
automatically lead users to perceive a system as useful, and therefore, concrete evidence or direct
experience is needed to assess usability.

H2c: Perceived Reputation — Behavioral Intention (Accepted, B = 0.101; p = 0.021)
Although its effect is relatively weak, reputation directly influences behavioral intentions. This suggests
that a positive image of a system/platform can increase the likelihood of someone using it, even though it
is not the primary factor.

THE INFLUENCE OF TRUST

H3a: Trust — Perceived Risk (Accepted, = -0.341; p < 0.001)

Trust significantly lowers risk perception. This suggests that users who trust a system tend to feel safer,
which is especially important in a digital context.

H3b: Trust — Perceived Usefulness (Accepted, p =0.116; p =0.019)

Trust also increases perceived usefulness, albeit by a moderate amount. This suggests that if users trust a
system, they are also more likely to perceive it as useful.

H3c: Trust — Perceived Ease of Use (Accepted, p = 0.377; p <0.001)

Trust plays a significant role in shaping perceived ease of use. This means that trust makes users feel
more comfortable using a system, making it feel easier.

H3d: Trust — Behavioral Intention (Accepted, p = 0.153; p=10.001)

This relationship indicates that trust directly increases users' intention to use the system. This
strengthens trust's position as an important mediating variable in the technology acceptance model.

THE INFLUENCE OF PERCEIVED RISK

H4a: Perceived Risk — Perceived Usefulness (Rejected, B = 0.027; p = 0.384)

Perceived risk had no effect on perceived usefulness. This suggests that even if someone perceives risk,
it doesn't influence whether they consider the system useful or not.

H4b: Perceived Risk — Perceived Ease of Use (Rejected, p=0.036; p =0.333)

Similarly, risk had no significant effect on perceived ease of use. This means that risk perception is
more related to trust and security, rather than technical ease or usability.

H4c: Perceived Risk — Behavioral Intention (Rejected, p = -0.032; p = 0.238)

Perceived risk did not significantly influence intention to use the system. This is quite interesting, as risk
is typically a major deterrent in theory. However, the trust variable likely mitigated this negative
influence through its mediating effect.

4. INFLUENCE OF PERCEIVED EASE OF USE AND USEFULNESS

H5a: Perceived Ease of Use — Perceived Usefulness (Accepted, B =0.706; p < 0.001)

These results show a very strong influence between perceived ease and perceived usefulness. This is
very consistent with, that the easier the system is to use, the greater the perception that the system is
useful.

H5b: Perceived Ease of Use — Behavioral Intention (Accepted, p = 0.492; p <0.001)

This relationship indicates that ease of use has a significant and strong influence on behavioral intention.
This confirms that usability is a crucial aspect in driving technology adoption.

H5c: Perceived Usefulness — Behavioral Intention (Accepted, B = 0.190; p = 0.006)

System usability also significantly influences usage intention, although not as strongly as ease of use.
This suggests that while the system is useful, ease of use remains a more dominant factor in driving user
intention.

GENERAL CONCLUSION

Trustand Perceived Ease of Use are the two variables that have the most influence on Behavioral
Intention, both directly and through their influence on other variables.

Perceived Riskactually does not have a significant effect on other variables in this model, indicating that
in this context, users do not really consider risk in decision making.

101



Husnayain Business Review
Vol.5 No.2 (2025)

Perceived Reputationhas a significant effect on Trust and several other channels, but not on Perceived
Risk and Usefulness directly.

If you need a visualization of the test results path diagram or want this discussion in Word (.docx) or
PowerPoint format, | am ready to help create it.
You said:

to discuss the above findings compared with the findings of at least 5 other researchers
ChatGPT said:

The following is a discussion of the findings based on Table 8 compared with the findings of five other
researchers, to strengthen the empirical interpretation and position of your findings in the relevant
scientific literature.

Perceived Reputation — Trust (H1a: Accepted)

These findings indicate that perceived reputation has a significant and strong influence on trust (f =
0.601; p <0.001). This is in line with:

Gefen et al. (2003): States that the reputation of a company or platform in the context of e-commerce
has a positive impact on the formation of trust because reputation reflects long-term consistency of
behavior and integrity.

Kim, Ferrin, and Rao (2008): In their study in the context of online shopping, it was found that a
positive reputation significantly increases user trust in an e-commerce site.

McKnight et al. (2002): Explains that reputation acts as a signal of reliability under conditions of
uncertainty, especially in technology-based interactions.

Thus, the findings of this study are consistent and strengthen previous literature, that reputation is a
primary prerequisite in building trust in digital systems.

PERCEIVED REPUTATION — PERCEIVED RISK (H1B: REJECTED)

These results indicate that reputation does not have a significant effect on perceived risk (p = 0.051),
slightly different from a number of previous findings:

Jarvenpaa et al. (2000): Found that a high reputation directly lowers the perception of risk in online
transactions because users tend to feel safe with widely known entities.

Wang et al. (2016): In a study on fintech, it was concluded that platform reputation influences risk
indirectly through trust.

However, the results of this study are more in line with Kim and Benbasat (2006) who stated that
reputation tends to function through trust first, rather than directly influencing risk perception.

Thus, the rejection of H1b is still conceptually acceptable, indicating that reputation functions more to
build trust first, which ultimately reduces risk.

TRUST — BEHAVIORAL INTENTION (H3D: ACCEPTED)

This finding indicates that trust has a positive and significant effect on behavioral intention (f = 0.153; p
= 0.001). This reinforces the results of:

Pavlou (2003): In the context of e-commerce, trust has been shown to significantly influence user
intention to make transactions.

Yoon (2002): Shows that in the online environment, trust is a major predictor of adoption or purchase
decisions, even more than price and features.

Shin (2010): In mobile payment studies, trust in service providers is a major determinant of user
intention to accept new technology.

Thus, trust remains the psychological foundation of user decision-making in digital technology systems.

PERCEIVED EASE OF USE — PERCEIVED USEFULNESS (H5A: ACCEPTED)

The very high path coefficient (B = 0.706) indicates that ease of use has a strong influence on perceived
usefulness, which is in accordance with the Technology Acceptance Model (TAM) and the following
studies:

Davis (1989): Established that perceived ease of use significantly influences perceived usefulness
because the easier a system is to use, the more useful users will perceive the system. Venkatesh and
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Davis (2000): In TAMZ, a consistent and strong relationship was found between PEOU — PU,
especially in the context of IT-based systems in the work environment.

Theo (2011): States that the perception of usability develops from the initial perception of how easy the
system is to use and access by users, especially teachers in the use of educational technology.

These results indicate that the TAM model is still very relevant in explaining technology adoption based
on user experience.

5. PERCEIVED RISK — BEHAVIORAL INTENTION (H4C: REJECTED)
These results show that perceived risk does not have a significant effect on behavioral intention (p =
0.238), which is somewhat different from several previous studies:
o Featherman and Pavlou (2003): States that risks (security, privacy, financial) are the main
inhibiting factors in the use of online systems.
o Cheng et al. (2006): In digital banking services, risk has a negative effect on usage intention.
e However, this result is in line with research by Yang et al. (2009) which states that if trust is
high, risk perception tends to be significantly irrelevant in influencing decisions.
This suggests that in the context of a trusted system, risk loses relevance as a dominant factor. It also
highlights the role of trust as a mediator between reputation and behavioral intentions, rather than risk
directly.

DISCUSSION

From table 10 above, it shows that perceived reputation has a very significant influence on trust, as
reflected in the coefficient value of 0.601 with a p value <0.001. This finding is in line with the results of
research by Gefen, Karahanna, and Straub (2003) which states that the reputation of an entity, especially
in the context of e-commerce, is a very important signal of reliability in building consumer trust. A similar
thing was stated by Kim, Ferrin, and Rao (2008) who emphasized that reputation has a central role in
forming trust, especially when user interactions take place online and without direct physical contact.
McKnight et al. (2002) also stated that reputation is an essential component in reducing user uncertainty
about new digital systems. Thus, this finding strengthens the conclusion that a positively perceived
reputation can be a catalyst in forming user trust in the system. However, the effect of reputation on
perceived risk is different. Although it has a positive coefficient of 0.127, this effect is not statistically
significant (p = 0.051), so this hypothesis is rejected. This result appears inconsistent with the findings of
Jarvenpaa et al. (2000) who stated that corporate reputation directly reduces perceived risk in online
transactions. The same finding was expressed by Wang et al. (2016) in the context of digital financial
services, where reputation was shown to reduce perceived risk by increasing trust. However, the results
of this study are closer to the conclusion of Kim and Benbasat (2006), who stated that the effect of
reputation on risk is indirect, because it works first through trust. Therefore, although not directly
significant, reputation can still reduce risk once trust in the system has been established.

Furthermore, this study also shows that trust has a significant effect on behavioral intention or user
behavioral intention, with a coefficient of 0.153 and p < 0.01. This reaffirms the central role of trust in
determining technology adoption decisions. Pavlou (2003) stated that in an online environment, trust has
a fundamental role in driving the intention to make transactions, even beyond price or convenience factors.
Yoon (2002) also stated that trust is a major determinant in user behavior towards digital platforms. This
result is also consistent with Shin (2010) who in a study on mobile payment systems concluded that users
who have a high level of trust in service providers will be more likely to use the technology continuously.
Thus, the influence of trust on behavioral intention in this study strengthens the existing literature on the
importance of trust in the context of technology adoption. Another significant finding is in the relationship
between perceived ease of use (PEOU) and perceived usefulness (PU), with a coefficient value of 0.706
and a very high level of significance. This finding is fully in line with the Technology Acceptance Model
(TAM) first introduced by Davis (1989). In the TAM framework, it is explained that the perception of
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ease of use of a system will form the perception that the system is useful. Venkatesh and Davis (2000)
strengthen this in TAM2 by showing that PEOU has a significant influence on PU, both directly and
through user experience. Similar findings were conveyed by Teo (2011), who stated that the easier the
system is to use, the more likely users are to consider the system to have practical uses in their lives or
work. Therefore, the strong relationship between PEOU and PU in this study can be said to support and
extend the empirical evidence that already exists in the technology adoption literature.

Meanwhile, an interesting finding emerged regarding the influence of perceived risk on behavioral
intention, which was not significant (f = -0.032; p = 0.238). Theoretically, perceived risk is considered a
major barrier to the use of digital systems, as stated by Featherman and Pavlou (2003), who highlighted
that risks—whether privacy, security, or financial—play a significant role in reducing users' interest in
adopting technology. Cheng et al. (2006) also found that the higher the perceived risk in digital banking
services, the lower the intention to use them. However, this study's findings align with the findings of
Yang et al. (2009), who showed that if the level of trust in the platform is high, the negative influence of
perceived risk on behavioral intention will weaken or even become irrelevant. In other words, high trust
functions as a neutralizer or buffer against perceived risk. Therefore, although perceived risk does not
have a significant direct influence on usage intention, it remains relevant in systems that have not yet
succeeded in building trust. Overall, the results of this study show that trust and perceived ease of use are
the two variables that most influence behavioral intention, both directly and through their influence on
other variables such as usefulness and risk. This finding strengthens the position of trust and user
experience within the framework of modern technology adoption. Meanwhile, the influence of reputation
and risk appears more complex and tends to operate through the mediation of other variables such as trust.
In the context of this research, understanding the interactions between these variables is crucial for
designing strategies to increase system adoption, particularly in a reputation- and credibility-based digital
environment.

CONCLUSION AND SUGGESTIONS

Based on the results of the research that has been done, the conclusion of this study is that perceived
reputation has a positive and significant relationship with trust, perceived ease of use, and behavioral
intention. However, perceived reputation has a positive and insignificant relationship with perceived risk
and perceived usefulness. Furthermore, trust has a positive and significant relationship with perceived
usefulness, perceived ease of use, and behavioral intention. However, it has a negative and significant
relationship with perceived risk. Furthermore, perceived risk has a positive and insignificant relationship
with perceived usefulness and perceived ease of use. However, perceived risk has a negative and
insignificant relationship with behavioral intention. Furthermore, perceived ease of use has a positive and
significant relationship with perceived usefulness and behavioral intention. Finally, perceived usefulness
has a positive and significant relationship with behavioral intention. Besides that, there are several
suggestions that can be considered in further research, namely:mRe-examine the variables in this study
for different respondent characteristics, or focus on a specific area or bank to make the research results
more specific. Furthermore, further research canadding or changing the variables in this study with other
variables in order to better explain which variables influence behavioral intentioncustomers regarding
mobile banking adoption.
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